
Jiawang Bian, 边佳旺
jiawang.bian@gmail.com
https://jwbian.net/
https://github.com/JiawangBian/
Google Scholar Profile

Jiawang Bian is a Nanyang Assistant Professor at Nanyang Technological University (NTU), College
of Computing and Data Science, Singapore, where he leads the Spatial Intelligence Lab. His research
focuses on spatial intelligence, with the goal of enabling AI to perceive, understand, and interact
with the physical world—spanning 3D/4D reconstruction, generative AI, world models, and vision-
language systems. He has over 6,400 citations and an h-index of 21 (Google Scholar, 2026), and has
published in leading venues including CVPR, ICCV, ECCV, NeurIPS, ICLR, TPAMI, and IJCV.
His work has found applications in autonomous driving, AR/VR, and robotics.

Education
Feb. 2019 – Apr. 2022 Ph.D., Computer Science at the University of Adelaide, Aus-

tralia.
Advised by Prof. Ian Reid and Prof. Chunhua Shen

Aug. 2012 – Jun. 2016 B.Eng., Computer Science at Nankai University, China.
Advised by Prof. Ming-Ming Cheng

Academic Positions
May 2026 – Present Nanyang Assistant Professor, NTU, Singapore.

Mar. 2024 – Apr. 2025 Postdoctoral Researcher, MBZUAI, UAE.
Sep. 2022 – Dec. 2023 Postdoctoral Researcher, University of Oxford, UK.

Aug. 2016 – Aug. 2017 Research Assistant, SUTD, Singapore.

Grants & Fellowships
2026 – 2031 NRF AI Fellowship, Singapore. SGD 3M.
2026 – 2029 Nanyang Assistant Professorship, Singapore. SGD 1M.

Industry Experience
Apr. 2025 – May 2026 Research Scientist, ByteDance Seed, USA.
Sep. 2021 – Jan. 2022 Research Intern, Meta Reality Labs, UK.
Apr. 2021 – Jul. 2021 Research Intern, Amazon Web Services, USA.
Sep. 2018 – Jan. 2019 Research Intern, TuSimple, China.

Professional Service
Journal Reviewer TPAMI, IJCV, TOG, TRO, TIP, TNNLS, TMM, RA-L, ISPRS, PR,

KBS
Conference Reviewer NeurIPS, ICLR, SIGGRAPH, CVPR, ICCV, ECCV, AAAI, BMVC,

ACCV, ICRA, IROS, WACV, PRCV, CVM

jiawang.bian@gmail.com
https://jwbian.net/
https://github.com/JiawangBian/
https://scholar.google.com/citations?user=zeGz5JcAAAAJ
https://cs.adelaide.edu.au/~ianr/
https://cshen.github.io/
https://mmcheng.net/cmm/


Publications
I have published over 30 papers in top computer vision and machine learning venues, including
CVPR, ICCV, ECCV, NeurIPS, ICLR, TPAMI, and IJCV. My work has accumulated over 6,400
citations with an h-index of 21 (Google Scholar, 2026).
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